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Abstract 

Meta-learning research is still being conducted in a number of ways. The identification of meta-features 

is one area. The field of meta-learning, often known as learning-to-learn, has seen a dramatic surge in 

interest in recent years. While conventional AI approaches aim to solve issues by integrating data from 

many learning events into an existing learning algorithm, meta-learning takes the opposite tack by 

attempting to enhance the learning algorithm. In order to encourage researchers to investigate 

interdisciplinary links and advance meta-learning while combining it with other AI research disciplines, 

we want to evaluate the present status of the field and highlight its prospects and limitations. By working 

together, we can overcome current obstacles and fully use meta-learning to handle a wide range of 

intricate issues that intelligent systems encounter. Still, further study in this field can be done to better 

understand how meta-learning techniques may be used to continuously modify, rebuild, or eliminate 

base-learners. 

Keywords: Meta-learning, Reinforcement learning, Machine learning, Artificial Intelligence. 

1 Introduction 

The field of instructional brain research is where the phrase "meta-learning" first appeared. Biggs, one 

of the scientists who is now most often cited, defined meta-learning as keeping an eye on and taking 

ownership of one's own learning. The acquisition of meta-skills is thus seen as a higher level 

understanding and adaptation of learning itself as opposed to just acquiring subject-matter competence. 

In this manner, a person who is ready and conscious of meta-learning may assess their preferred method 
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of learning and modify it to suit the demands of a particular assignment. There are several similarities 

between this representation and meta-learning when used in an AI context. Information about the subject 

becomes base-realizing when experience is accumulated for a single specific learning activity. Starting 

at a higher level, meta-learning is concerned with gaining expertise with more than a few applications of 

a learning framework in accordance with [1]. 

In the last two decades, AI research has had to contend with an increasing number of accessible 

computations, such as a plethora of parametrization, preparation, and post-processing techniques, in 

addition to a markedly expanded range of applications due to growing registering power and increased 

accessibility of PC readable data sets. Through the development of a deeper understanding of AI itself, 

meta-learning may provide invaluable support in avoiding extensive experimental methods for 

computation selection and beast power searches for suitable parametrization. Understanding how to use 

a predictive model's prior performance on certain tasks may enhance the way a learning calculation is 

presented and increase the likelihood that one will understand why a given calculation performs 

effectively [2]. 

One of the first and most significant contributions to the notion of meta-learning was provided by. 

Besides, the exact phrase just started to appear in AI literature in the 1990s, but many papers still handle 

problems related to meta-learning without using the actual term. This commitment makes use of books, 

research, and survey studies over the last ten years in an effort to grasp all the viewpoints that meta-

learning has been investigated from. We hope that this evaluation will be a great resource for the 

information mining and artificial intelligence community [3]. 

2 Literature Review 

(Sanusi et al., 2023) [4] Using a thorough analysis of the literature, this study identified gaps that need 

more research in the field and outlined the current area of focus for machine learning (ML) learning and 

instruction in K–12 education. Our research's conclusions show that: most studies focus on pedagogical 

development, and there are a few initiatives for teacher professional growth; future studies should take 

into account more evidence of the ethical and societal implications of machine learning; more research 

is required to find out how machine learning can be incorporated into subjects apart from computing; 

and additional "machine learning resources" are required for informal environments and grades 

kindergarten through middle school. In addition to identifying the present shortcomings in the area and 

proposing future lines of inquiry, these findings provide "educators, practitioners, instructional designers, 

and scholars insight into K–12 ML" research trends. 

(Vettoruzzo et al., 2023) [3] This article provides a comprehensive technical overview of meta-learning, 

emphasising its useful applications in situations where data may be expensive or difficult to get. The 

study draws attention to the links between these subjects and the idea of meta-learning, showing how 

developments in one discipline might enhance the field without needless duplication of effort. The paper 

also covers more advanced topics in meta-learning, such as continuously learning, adapting to changes 

in data distribution, learning from complicated multi-modal task distributions, and unattended meta-
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learning. The report concludes by outlining unresolved issues and difficulties for further study in the 

area. To help readers fully grasp meta-learning and its possible effects on different machine learning 

applications, this study compiles the most recent research findings in the field. We believe that this 

technical outline will contribute to the field of meta-learning including its use in to addressing real-world 

problems. 

(Cheng et al., 2023) [5] Artificial intelligence (AI) has many applications and a vast range of issues that 

it may be used to solve to improve operational efficiency. In this section, we analyze the AIOps vision, 

trends, possibilities, and difficulties, with a particular emphasis on the underlying artificial intelligence 

approaches. We go into great detail about the main categories of data that are released by IT operations 

activities, as well as the scope, difficulties, and applications of their analysis. The primary AIOps duties 

are divided into four categories: automated actions, root cause analysis, failure prediction, and incident 

detection. After talking about how each task's challenges are formulated, we provide a taxonomy of 

methods for resolving them. Additionally, we highlight relatively unexplored topics—particularly those 

that might greatly benefit from advancements in the literature on artificial intelligence. Insights into 

industry trends and prime investment prospects are also offered by us. 

(Hospedales et al., 2022) [6] In recent years, the topic of learning-to-learn, or meta-learning, has seen a 

sharp increase in interest. Meta-learning seeks to enhance the process of learning itself by using the 

knowledge acquired from several learning episodes, in contrast to traditional AI techniques that start 

with a preset learning algorithm and go to problem-solving. Numerous classic deep learning issues, such 

generalization and data and processing bottlenecks, may be resolved using this approach. The current 

state of meta-learning is outlined in this survey. First, we go over terminology and place meta-learning 

in relation to other related disciplines like hyperparameter optimization and transfer learning. Next, in 

order to provide a more thorough picture of the current status of meta-learning techniques, we suggest a 

new taxonomy. We study meta-learning's possible applications and successful applications, including 

reinforcement learning and few-shot learning. We conclude with a discussion of unresolved research 

concerns and potential initiatives. 

(Kudari & Hembram, 2021) [2] One of the most significant aspects of natural development is the process 

of learning. Meta-learning is the term used to describe learning algorithms in machine learning that learn 

from various learning algorithms. All machine learning systems gain from the repeated use of meta-

learning. However, in terms of adaptability degree, meta-learning is quite different from base-learning. 

With a year-long process of progressive progression towards evolution, it presents both advantages and 

difficulties of its own. We refer to our optimization-based meta-learning approach as Learning to 

Optimize as it automatically learns how to create optimization algorithms. A thorough examination of 

meta-learning in detail is necessary to comprehend how it really impacts different industries and if it 

makes things easier or harder. The most interesting part of this work is the difficulties we have in 

achieving this objective and the advantages for research usage. Within the deep learning domain, one of 

the most active study areas is meta-learning. There are several perspectives within the Artificial 
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Intelligence (AI) community that support the hypothesis that meta-learning is a stepping stone towards 

the development of Artificial General Intelligence (AGI). 

 (Finn et al., 2017) [7] Without relying on any specific model, our meta-learning approach may be used 

to a wide range of learning tasks, such as classification, regression, and reinforcement learning. It can be 

trained using any model that has been trained with gradient de-scent. To enable a model to do novel 

learning tasks with a limited set of training samples, meta-learning trains it on a range of learning tasks. 

Our method employs explicit parameter training for the model, allowing for good generalisation 

performance when applied to new tasks with just a little quantity of training data and a few gradient 

steps. The model is successfully trained to be readily fine-tuned using our method. We show that our 

method outperforms the state-of-the-art on two few-shot image classification benchmarks, speeds up 

adjustment for "policy gradient reinforcement learning", and generates remarkable results on few-shot 

regression by using neural network rules. 

(Li et al., 2017) [8] Few-shot learning is a problem for learning methods that acquire each task 

independently and from the beginning. Important to meta-learning is the selection of meta-learners, 

which allows the method to choose one from a big pool of similar tasks and use it to learn a new task 

more efficiently and accurately with fewer occurrences. Here, we present Meta-SGD, a naturally 

adaptable meta-learner on both guided and "reinforcement learning" that can begin and modify any 

differentiable learner in one go. Compared to the popular meta-learner LSTM, meta-SGD is more easily 

constructed, easier to understand theoretically, and more efficiently learnable. Given its far superior 

capacity compared to the state-of-the-art meta-learner MAML, meta-SGD has the potential to gather 

many learner metrics in a single meta-learning operation, including startup, update orientation, and 

learning speed. In few-shot learning, Meta-SGD shows excellent performance in "regression, 

classification, and reinforcement learning". 

3 Conclusion 

By allowing learning systems to learn from a variety of activities, meta-learning helps them adapt and 

generalize to new tasks more quickly. In order to shed light on these matters, we have conducted a 

comprehensive review of the field from two perspectives: One was methodological and we dissected it 

into a taxonomy of meta-objective, meta-optimizer, and meta-representation; the other was application-

specific. By acting as dynamic mentors, meta-learning may help minimize the amount of 

experimentation required, cut down on the time needed to introduce, adjust, and maintain models, and 

support machine learning outside of the classroom. IT operations management has advanced 

significantly with the incorporation of meta-learning into AIOps. According to our results, meta-learning 

algorithms must be included more widely into AIOps solutions going forward since they serve as 

intelligent, self-adapting IT systems—a crucial component of complex and dynamic digital 

infrastructures. 
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